This paper conducts an empirical analysis of the geographic, economic and social factors that contributed to the spread of civil war in Nepal over the period 1996-2006. This withincountry analysis complements existing cross-country studies on the same subject. Using a detailed dataset to track civil war casualties across space and over time, several patterns are documented. Conflict-related deaths are significantly higher in poorer districts, and in geographical locations that favor insurgents, such as mountains and forests; a 10 percentage point increase in poverty is associated with 25-27 additional conflict-related deaths. This result is similar to that documented in cross-country studies. In addition, the relationship with poverty and geography is similar for deaths caused by the insurgents and deaths caused by the State.
Introduction
More than 70 civil wars have occurred around the world since 1945, claiming approximately 20 million deaths and displacing more than 67 million people (Collier and Sambanis, 2005) .
Understanding the causative factors of civil war has been the subject of growing attention by academics and policy makers alike. While most empirical studies based on cross-country analyses find that poorer countries are at greater risk of experiencing civil war (Collier and Hoeffler, 2004 , Fearon and Laitin, 2003 , and Miguel et al., 2004 , there is considerable disagreement regarding the interpretation of this observed relationship, and the role of other factors such as geography, societal divisions, democracy or prior experience of civil war.
Blattman and Miguel (2009) provide a comprehensive review of the theoretical and empirical literature on civil war.
In this paper, we conduct a within-country empirical analysis of Nepal's civil war, which lasted from 1996 to 2006. This study contributes to the growing literature on civil conflict in at least three ways. First, within-country empirical analyses of civil war are relatively rare, and give an opportunity to test whether the theoretical mechanisms commonly invoked in the crosscountry literature are also at work when looking within a country. 1 Cross-country studies have the caveat that conflict in one country might have very different causes and characteristics from conflict in another and the data on conflict and other variables may not be comparable (Sambanis, 2001 and . On the other hand, most within-country studies of conflict have focused on local violence and used subjective interviews to assess the extent of conflict (Barron et al., 2004; Deininger, 2003) . Such settings differ from organized conflicts like insurgencies or civil wars, and hence cannot be directly related to the cross-country literature. Our study of Nepal, a country which had not experienced civil war before, is a useful way to investigate whether the risk factors of civil war identified in the cross-country literature can explain the variation in the intensity of civil war within a country. Second, we construct finer measures of conflict intensity based on the actual number of casualties, rather than just using a dummy variable for whether an area experiences conflict or not. We are also able to determine whether deaths caused by rebels and by government forces follow similar patterns. Third, we study the evolution of the conflict over time, and examine whether the documented relationships between poverty, geography and violence are driven by involvement in the civil war at an earlier date, or by a greater intensity of conflict, once it has started. We conduct a systematic empirical analysis of the determinants of violence by considering a range of geographic, economic and social variables that are hypothesized to affect the likelihood and intensity of conflict. We combine district-level data on conflict-related deaths compiled by the Informal Service Center (INSEC) with socioeconomic information obtained from household surveys and other official sources. We use this dataset to assess the empirical relevance of mechanisms commonly invoked in the cross-country literature.
We find two main determinants of the intensity of conflict: geography and poverty. The presence of mountains and forests explains a quarter of the cross-district variation in conflict intensity; these are precisely the kind of geographic features that enable insurgents to hide easily from government forces, and hence reduce the costs of conducting an insurgency. Over and above the effect of geography, the lack of economic opportunities (measured by either higher poverty or lower literacy rates) is significantly and robustly correlated with a higher intensity of violence; a 10 percentage point increase in poverty is associated with 25-27 additional conflict-related deaths. This suggests that the "opportunity cost" of conflict is lower in poorer areas, in that rebels are able to recruit people to fight for them at a lower cost (Collier and Hoeffler, 1998) .
On the other hand, there could be different mechanisms to link poverty with conflict. For instance, poorer people might harbor a greater degree of "grievance" against the government and therefore be more likely to join the anti-government insurgents. As a partial way to address this, we look at other potential determinants of grievances, such as the presence of greater numbers of people from the disadvantaged sections of Nepalese society, who might harbor resentments stemming from discrimination. However, these measures, as well as other potential determinants of conflict such as ethnic and caste polarization, land inequality, and political participation are not found to affect violence, once we have controlled for economic backwardness. This negative result contrasts with some of the cross-country literature which finds a strong relationship between social diversity and the likelihood of civil war (Montalvo and Reynal-Queyrol, 2005). 2 Finally, when looking at the evolution of conflict over time, we find suggestive evidence that the observed association between conflict and poverty is driven by poorer districts being involved at an earlier stage in the civil war. Geographic conditions, in contrast, appear to affect the intensity of the conflict once it has started, rather than how quickly an area is drawn into civil war.
The paper is structured as follows: Section 2 provides a brief description of the "People's War" in Nepal. Section 3 summarizes the relevant theoretical literature, and discusses the hypotheses we take to the data. Section 4 describes our data and empirical strategy, Section 5 summarizes our findings and Section 6 concludes. 2 The link between diversity, broadly defined, and conflict is explored theoretically by Esteban and Ray (1994) , who introduced the concept and measurement of "polarization" that can be applied to either income or ethnicity. Other empirical studies such as Easterly and Levine (1997) and Horowitz (1985) also document the positive relationship between ethnic and social diversity and the likelihood of experiencing conflict.
The "People's War" in Nepal (1996-2006)
Nepal is a land-locked country located between India and China with a population of 28 million (Gersony, 2003) .
In the first few years of the insurgency, the response from the government was to use the existing law and order framework to address the problem; more than 1000 people were reported to have been arrested by the government in 1999 (INSEC, 1999) . The political situation changed dramatically in 2001, after a somewhat mysterious incident in which Crown Prince Dipendra allegedly killed himself, his father King Birendra and most members of his immediate family.
King Gyanendra, King Birendra's brother, subsequently succeeded to the throne; he was inclined to take a more aggressive view towards the Maoists. When the Maoists unilaterally broke the 2001 cease fire in November, Prime Minister Deuba imposed a state of emergency, declared the Maoists to be a terrorist group, and mobilized the Royal Nepal Army to counter the insurgency.
The intensity of the conflict subsequently escalated sharply, with more than 3,000 people being killed by the State forces in the next year (see Figure 1 ). More than 13,000 people lost their lives as a direct consequence of the decade-long civil war. There was considerable variation in the intensity of conflict across Nepal: nearly 5000 people were killed in the Western Region, while casualties were much lower, around 1600, in the Far Western Region. Our objective is to understand the factors that explain such spatial heterogeneity.
Theoretical and Empirical Literature on Conflict
One of the most robust empirical facts in the cross-country literature on conflict is that poorer countries are at a higher risk of experiencing civil war. The relationship between poverty and conflict incidence has therefore received both theoretical and empirical attention. Collier and Hoeffler (1998) emphasized the "opportunity cost" view, according to which civil wars or insurgencies will be concentrated in areas where the cost of recruiting rebel forces is low, i.e. in poorer areas, where people can be induced to join the rebel movement by paying lower wages.
However, Fearon (2008) argues that in areas with low opportunity cost of conflict, the benefits of military control are also lower, since fewer resources are up for grabs. Theoretically, the association between poverty and conflict is therefore ambiguous. Empirically, Collier and Hoeffler (1998) nevertheless find a strong correlation between per capita GDP and civil war incidence, a result echoed in other studies such as those of Fearon and Laitin (2003) . The corollary of this hypothesis is that civil wars are much more likely to start when there is a rise in poverty, as formalized by the model of Chassang and Padro-i-Miquel (2009) . This has found strong empirical support in the cross-country work of Miguel et al (2004) , who find that poor rainfall is much more likely to be followed by an outbreak of civil war.
In our empirical work, we capture this idea by including poverty as one of our key explanatory variables. Poverty is measured as the head count ratio, which is the proportion of people in the district with consumption levels below the government-specified poverty line. As a robustness check, we also use literacy rates to proxy for potential future earnings. Again, the idea is that lower levels of literacy mean lower prospects of high earnings and hence a lower opportunity cost of joining rebel forces. Some qualitative accounts of Nepal also attribute the conflict mostly to poverty and underdevelopment (Thapa and Sijapati, 2004) . Bohara et al (2006) surprisingly find no correlation between poverty and conflict, a result probably explained by the fact that their measure of poverty is a relative ranking of the districts, which poorly captures the opportunity cost hypothesis.
The opportunity cost view is not the only way to interpret the observed cross-country relationship between poverty and civil war. Fearon and Laitin (2003) suggest an alternative hypothesis: poor countries are likely to have governments with limited resources and hence a limited capacity to counter an insurgency. This "weak State" hypothesis is less likely to apply in our within-country framework, where we are comparing conflict intensity across districts of the same country. The strength of the State is therefore a constant in our setting. We test indirectly for relative weakness of the State across districts of Nepal by including the distance from Kathmandu as an additional regressor, on the assumption that the State is likely to be less prominent or capacious in far-flung areas.
Yet another interpretation of the observed relationship with poverty is the "grievance" hypothesis, whereby low levels of development lead to grievances against the government and hence a greater willingness to join anti-government forces (Collier and Hoeffler, 2004) . Some studies of Nepal have the role of relative deprivation or landlessness. Deraniyagala (2005) is a descriptive study without systematic empirical analysis at the district level, while Murshed and Gates (2005) focus on relative deprivation with respect to the richest district Kathmandu. We should note that the measures they use (difference between the district's level of education or income and the level in Kathmandu) is empirically equivalent to including only the district's level of development (as we do), in a linear regression framework. 3 Their estimates are also likely to suffer from multicollinearity, since the authors include schooling, life expectancy and the Human Development Index in the same regression. Macours (2006) documents the relationship between increasing within-district inequality and the number of abductions by the 3 We have the regression equation for district i: Conflict i = a + b 1 X 1i + b 2 X 2i + … + b m X mi + e i , where the X's represent different variables (poverty rates, proportion of advantaged castes etc.), a is a constant term, and e i is a stochastic error term. This is mathematically equivalent to writing Conflict i = a* + b 1 (X 1i -X 1
where the X K variables represent the values for Kathmandu. If we ran the second regression, we would get the same coefficients as in the first regression, except for a different constant term.
Maoists; however, the increase in inequality she documents could potentially be affected by the conflict itself, since it is computed using data collected after the conflict began.
There can be other indicators of grievances, such as the ethnic or religious diversity in the population. Diverse populations may harbor a greater level of grievances, especially if the diversity takes the form of one group dominating over the other. On the other hand, diversity, especially in terms of language, can make it harder to organize large enough rebel groups. The net effect of societal divisions on conflict is therefore unclear. The results in the cross-country literature are equally ambiguous, depending upon how social divisions are measured. While Fearon and Laitin (2003) find no effect of social divisions (measured by ethnic fractionalization), Montalvo and Reynal-Querol (2005) find a strong relationship between social divisions and civil war, when social divisions are measured using a polarization index, which is discussed in detail in the work of Duclos, Esteban and Ray (2004) . The basic idea is to capture the dimensions of social diversity which are more likely to lead to conflict between groups. At one extreme, a completely homogenous society is likely to have low levels of conflict. At the other extreme, a society composed of a large number of small groups is also likely to have low levels of conflict, since it is very costly for the groups to overcome their differences and band together to fight against any common enemy. The highest level of conflict is therefore likely to take place when there are a small number of fairly large well-organized groups. The polarization measure captures this dimension of social diversity, and is actually maximized when society is divided into two equal-size groups.
Nepal has a very diverse society in several dimensions. Although the majority of the population belongs to the Hindu religion, there are deep caste divisions in the Nepalese society, and discrimination and human right abuses against the lower castes are not uncommon (Human Rights Watch, 2004) . 4 We construct a measure of caste polarization, along the lines proposed by Esteban and Ray (1994) ; the exact details of the computation are in the Data Appendix. We also use an alternative measure for the dominance of upper castes (Brahmins, Chhetris, Thakuris and Newars) in the district, which is simply the proportion of these castes in the population. We similarly construct measures of linguistic diversity: a polarization measure using 13 different language groups, and the proportion speaking Nepali, the single most spoken language. We should note that caste polarization is highly correlated with the fraction of people who speak Nepali, since the high castes tend to be Nepali-speaking.
There is no clear consensus on the relationship between ethnic or caste identity and support for the Maoist movement. Some reports and studies have suggested that the Maoists found support from the oppressed lower castes (Bray et al., 2003) , portraying the insurgency as stemming from "rage against a long legacy of oppression based on caste and ethnicity" (Sengupta, 2005) . However, Gersony (2003) argues, based on interviews, that caste and ethnic divisions are not a major cause of the conflict, while de Sales (2000) presents a nuanced picture of the two-way relationship between the Maoist movement and ethnic identity formation and politicization. We see our nation-wide empirical approach as a complement to such in-depth case studies of specific regions and communities.
Finally, we consider the role of geography and infrastructure in explaining the incidence of conflict. Since insurgents are usually numerically weak compared to the governments they are fighting against, they must be able to hide from government forces and garner social support for their activities. This suggests that the presence of mountainous or forested terrain, poorly served by roads, should increase insurgency. The cross-country literature finds a strong role for geographic variables (Fearon and Laitin, 2003) . In our empirical work, we use the altitude (elevation) of the district to indicate the presence of hilly territory, as well as the proportion of district area that is forested. We proxy transportation infrastructure development with the total length of the road network, normalized by the area of the district. These variables capture the ability of the government to control insurgencies, rather than the ease with which insurgents can start organizing a rebel force.
The cross-country literature has also examined the role of several other factors such as whether the country is a democracy or not, whether the country has oil or other exportable natural resources, the presence of a substantial diaspora who might provide resources and funding to rebels and the time elapsed since the last civil war. Variables such as democracy and the presence of a foreign diaspora are country-level characteristics, and their effects cannot be captured in a within-country comparison. Nepal has no significant exportable natural resources, and did not have a civil war before the "People's War" began in 1996. These factors, which might be important in other settings, are thus excluded from our analysis.
Data Sources and Empirical Strategy

Measuring Conflict Intensity
Our measures of conflict intensity are based on data provided in the annual Human Rights The benefits of such data are twofold. First, the scale of data coverage allows us to look at the conflict throughout the country, instead of focusing on specific areas, hence permitting a quantitative analysis. Second, INSEC data are an improvement to self-assessed conflict intensity that is elicited in survey context (see a discussion on the measurement of conflict intensity in Do and Iyer, 2009), as they are less subject to recall biases. Murshed and Gates (2005) also use data from the same source (until 2002), but measure intensity of conflict by the number of deaths. We feel that the number of deaths have to take into account the scale of the district: 100 conflictrelated deaths in a district with a population of 10,000 obviously reflects a much greater intensity of conflict than the same number of deaths in a district with 100,000 people (this is the actual range of population variation across the districts of Nepal in 2001). To analyze the onset of the insurgency, we will also define a binary variable that takes value 1 if more than 100 people have been killed as a consequence of the conflict. This approach is similar to the binary variables for the onset of civil war used in cross-country studies such as Fearon and Laitin (2003) and Miguel et al. (2004) . 6
Multiple Regression Analysis
We investigate the proximate correlates of the Maoist conflict in Nepal by running regressions of the following form:
where Conflict i is a measure of the intensity of conflict in district i, a is a constant term, and X i ′s are a set of pre-conflict district-level characteristics including geography, economic development and social divisions, described in detail in Section 3. 7 Details on data sources are in the Data Appendix.
Such a multiple regression allows us to assess the impact of multiple factors on the outcome variable (conflict) simultaneously. For instance, we do see a positive association between conflict intensity and poverty ( Figure 2 ), but this relationship could well be driven by adverse geography (such as mountainous terrain), which can simultaneously increase poverty and provide a staging ground for insurgency. Multiple regression analysis allows us to estimate the association with poverty, after controlling for the impact of other factors. The interpretation is that, all other factors being equal, a unit increase in the poverty measure (X₁) will increase conflict intensity by b₁ units. 8 6 We should note that there can be other indicators of conflict, such as injuries, forced conscription, abductions, forced migrations, protest marches, disruptions to economic activity caused by strikes and so on. In this sense, we have chosen to focus on the indicators of the most extreme forms of conflict which result in deaths of citizens. 7 A district can be thought of as being comparable to a county in the US in the sense that it is administratively below the region level. Nepal is divided into 75 districts, grouped into 5 development regions. The average area of a district was 1948 square kilometers in 2001, and the average population was 309,000.
These associations between conflict intensity and district characteristics may not be causal relationships for at least two reasons. If there are other unmeasured factors which determine both pre-conflict district characteristics and the later spread of the conflict, observed correlations would be spurious. As a partial control for potential confounders, we have run additional regressions with a range of district characteristics and our main results are robust to the inclusion of many additional variables. Secondly, our estimates may also not be causal if districts that have experienced high conflict intensity are also districts that have been the theater of social unrest in the past. Past conflicts could then directly affect pre-insurgency levels of economic development. However, the fact that this type and intensity of conflict was unprecedented in Nepal's history gives us confidence that such a channel of influence is unlikely. 
Empirical Analysis of the Determinants of Violent Conflict
Geography and Poverty are Significant Predictors of Conflict Intensity
We find that conflict is significantly higher in poorer areas, and in geographical locations that favor insurgents, such as mountains and forests. Table II summarizes the results from running specification (1) with an array of district characteristics. Geographical factors such as elevation and the presence of forests explain 25 percent of the variation in the intensity of conflict across districts (column 1), and the pre-conflict poverty level of the district is a significant predictor of the intensity of conflict as well (column 2).
This relationship is robust to the inclusion of measures of social divisions such as the proportion of advantaged castes (column 3) or an index of caste polarization (column 4). The coefficient on poverty is always significant and fairly stable across specifications. To have an idea of the magnitude of these results, we note that a 10 percentage point increase in the district poverty rate is associated with an increase of 25-27 conflict-related deaths. 9 Another way to gauge the magnitude is as follows: a one standard-deviation increase in poverty rate (23 percentage points) is associated with 57-63 additional conflict-related deaths (0.23-0.26 standard deviations). We also ran these regressions for State-caused deaths and Maoist-caused deaths separately. Columns (5) and (6) suggest that while overall casualty numbers increase with poverty, it is so on both sides of the battlefield. 10 We should note that these specifications exclude the district of Rukum, one of the places where the conflict started, because it is likely an outlier in the relationship between poverty and conflict (see Figure 2 and discussion below).
Table II here
The relationship between conflict and poverty is also clear from the maps in Figure 4 . Figure 4A shows the relative conflict intensity across the districts of Nepal, and Figure 4B shows the incidence of poverty. Comparing the two, we see that places which have very high poverty also tend to have high levels of conflict. 9 For instance, using the estimates in column (2) 
Robustness of the Relationship between Conflict and Poverty
Re-running these regressions, with literacy rates instead of poverty (a measure of current as well as future earnings potential), yields results confirming that economic backwardness is associated with higher levels of conflict (column 7); areas with higher literacy rates are less prone to conflict. Replacing poverty by a measure of infrastructure (road length per square kilometer) also yields a similar result; the presence of roads is associated with lower conflict (column 8). In addition, elevation becomes insignificant when we include the road length variable, suggesting that part of the correlation with elevation arises because of the difficulty of building roads in hilly areas, and hence a greater ability of insurgents to escape from government forces. In all these specifications, measures of social divisions based on caste are not significant predictors of conflict intensity.
Appendix Table I in the appendix runs further robustness tests of the relationship between economic backwardness and conflict. The association between conflict and measures of economic development remains robust when we use alternative measures of economic development such as infant mortality (column 1), or alternative proxies for social diversity such as linguistic polarization (column 2) or the proportion speaking Nepali (results not shown). The coefficient on poverty is smaller in magnitude and insignificant when we include Rukum in our regressions (column 3), but Figure 2 suggests that this is particularly driven by Rukum being an outlier in the relationship between poverty and conflict intensity. Other potential outliers (Rolpa and Kalikot) are not as influential; our results remain very similar when we exclude these districts (columns 4 and 5).
We account for the potential spatial correlations of both conflict and poverty by clustering the standard errors at the region level (column 6), adding region fixed-effects (column 7), and correcting the standard errors for spatial correlation (column 8). The results still show a robust statistical association between poverty and our adopted measure of conflict intensity, although fixed-effect estimations suggest a weaker link within regions than between them.
Figure 2 here
We conclude that geography and poverty are robust predictors of conflict violence in Nepal. Other potential determinants suggested in the cross-country literature or proposed by other scholars of the Maoists' war in Nepal are not found to robustly explain the incidence of civil conflict, once the effects of geography and poverty have been accounted for.
We ran several other specifications to check the robustness of our findings, including variables such as district-level income inequality, distance from Kathmandu, the level of urbanization and the distance from Rolpa and Rukum. None of these variables are statistically significant predictors of conflict intensity, and the coefficient on poverty changes very little with the addition of these variables. We also replicated the results of other studies on Nepal by adding measures of social capital and political participation (Bohara et al., 2006) and ultra-left political activity (Acharya, 2007) . Our findings show that the associations documented by these authors are not robust to the inclusion of poverty and geography variables (all results available upon request).
Finally, we use binary variables to capture the scale of violence: dummies for whether a district suffered more than 100 or more than 150 conflict-related deaths. We again find that poorer areas are more likely to suffer a higher number of conflict related deaths (column 10). 11
Do Poorer Places Experience Conflict Earlier?
We next investigate what can be driving these results: are poorer districts the scene of more violence, or is it rather the case that poorer districts were first to be affected by the civil conflict and were therefore exposed to violence for a longer period by 2006? Since we have annual data on conflict-related deaths for 1999, and every year from 2002 to 2006, we look at how the relationship between poverty and violence evolved over time. Figure 3 shows the point estimate and 95 percent confidence intervals of the coefficient on poverty when we run for each year the specification of Table II , column (2). As we can see, the relationship with poverty is strongest in 2002, when the conflict intensified with the deployment of the Royal Nepal Army. In subsequent years, the coefficient with poverty is no longer statistically significant, suggesting that the overall higher level of deaths experienced by poorer areas is primarily due to them being involved in the conflict at an earlier date.
Figure 3 here
Further evidence for this is provided by estimating a proportional hazards duration model, where the dependent variable ("duration") measures how long the district "survives" without crossing the threshold of 100 deaths. Since we have annual data only after 2002, all districts that cross the 100 death threshold before 2002 are no longer "survivors"; that is the reason why these regressions are run only for 52 observations. The interpretation of coefficients from the duration model is as follows: the coefficient on poverty assesses the probability that the district will cross the threshold in any given year, given that it has not yet crossed that threshold until that year, i.e. it explicitly models the failure to "survive", conditional on having survived till a given period. This is believed to be an appropriate model of conflict since the longer the survival, the greater the chances for not surviving the next period, since conflict deaths are assessed cumulatively. For details, we refer the reader to the classic work of Cox (1972).
The results from this analysis show that poorer areas are significantly more likely to experience the onset of conflict, contingent on not having experienced the onset in the previous
year (Table III) . The coefficient in column (2) can be interpreted as follows: in any given year, a district at the 75 th percentile of the poverty distribution (i.e. with a 60 percent poverty rate) is 1.5 times more likely to attain the 100 deaths threshold than a district at the 25 th percentile (i.e. with a 26 percent poverty rate), conditional on not attaining this threshold in the previous year. 12 Table III here 12 Unconditional linear regressions show that a district at the 75 th percentile of poverty will attain this threshold 7-8 months before a district at the 25 th percentile.
Finally, when using road infrastructure to proxy for the ease of access to remote areas by government forces, no clear-cut association is detected. Geographic characteristics also do not seem to predict the onset of conflict, unlike the relationships with overall casualty levels documented in Table II . These two findings strongly suggest that factors that enable insurgents to hide (dense forests, hilly areas with no road access) are more likely to determine the intensity of the conflict once it has started, rather than predict where the conflict is likely to start. We should note that these relationships remain robust when we define onset simply as the date at which the number of casualties crosses 100 (Appendix Table II ). 13
Conclusion
We conducted a within-country empirical analysis of the correlates of conflict intensity in Nepal, analogous to cross-country analyses of civil wars. Our within-country approach enables us to examine the occurrence of the same insurgency across different parts of the country and over time. We find that conflict intensity is higher in places with greater poverty and in places where geographical characteristics favor insurgents. Our results support the opportunity cost view of conflict, whereby higher poverty makes recruitment cheaper for insurgents. It is also possible that high levels of poverty lead to a greater level of grievances against the government, and hence more support for insurgent groups.
We find suggestive evidence that the association between poverty and the number of conflict-related casualties is driven by the fact that poorer districts are more likely to be involved earlier in the conflict. In contrast, geography is not likely to predict which places are involved earlier in the conflict, but does make conflict more severe after it has started. Other potential factors identified in the cross-country literature, such as social polarization, are not found to affect the levels of violence in the Nepalese civil war, once the effects of poverty and geography have been accounted for. Overall, our results strongly suggest that poverty reduction is likely to have the additional political benefit of making conflict less likely, both by increasing the opportunity cost of recruitment and perhaps reducing the level of grievances felt by the local population. This increases the long-term benefits of poverty alleviation programs, and provides additional impetus for their implementation. Robust standard errors in parentheses. *, **, and *** indicate that the coefficients are statistically significant at the 10, 5, and 1 percent level, respectively. Regressions are based on district-level data. Constant not reported. All regressions exclude the district of Rukum. 
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